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MY KNOWLEDGE OF ARTIFICIAL INTELLIGENCE
CAN BEST BE SUMMED BY:

A.

=

I'VE SEEN SOME COOL FILMS ABOUT Al

| KNOW THAT | USE Al IN SOME OF THE
GADGETS AND APPS THAT | HAVE

I'VE USED SOME Al IN MY WORK

I'™M A DATA SCIENCE NINJA



























(=) (=llm)(m/(o)

AJRJTJE )AL N T E L) EJNC)E]

m <= ==)e)le)e)

o)z=Zz]=)>)[m

JTE L)) elNTI_JAJu)T)oJmA)T)1)o)N]

(o3| E3] G131 £ E3 Ful) Kl |0 Ful 3] = ES[RRY EQ Y




“The theory and

development of
computer
systems able to
perform tasks
normally
requiring
human
intelligence”

ARTIFICIAL
INTELLIGENCE




ARTIFICIAL INTELLIGENCE

MACHINE LEARNING

DEEP LEARNING

GENERATIVE Al
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HOW ML WORKS

1.

FEED
THE AI
LOTS OF
DATA

Q.

IT LEARNS
THE PATTERNS
WITHIN THE
DATA

3.

IT CREATES
A MODEL OF
THOSE
PATTERNS

4.

WE USE THE
MODEL TO
MAKE

PREDICTIONS
ON NEW DATA



CAPTURE INFORMATION WHAT IS HAPPENING? WHY IS IT HAPPENING?

GENERATING INFORMATION
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“Hi, I'm calling to book a
women's haircut for a clien
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Fuzzbot
42 people like this
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Natural Language
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Second principal component

First principal component

Clustering
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amazon.com Hello, David E Erickson. We have recommendations for you. (Not David?)
\_/7

David's Amazon.com | '§ ¥ Today's Deals = Gifts & Wish Lists | Gift Cards

-1l All Departments

Your Amazon.com Your Browsing History Recemmended For You Rate These ltems

David, Welcome to Your Amazon.COm (if you're not David E Erickson, click here.)

Today's Recommendations For You

Here's a daily sample of items recommended for you. Click here to see all recommendations.
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LLM Capabilities =

Wi‘clhc‘jtheir inherent knowledge of language, LLMs have the ability to carry out a wide range of tasks,
including:

« Text generation - creating new text content based on a prompt

« Summarisation — creating summaries of large or multiple documents or text feeds

« Entity recognition — extracting named entities, such as place names and dates, from passages of text
« Insight generation — extracting insights from large or multiple documents or text feeds

« Q&A - answering questions about general knowledge or on a specific corpus of information

« Sentiment - identifying the general sentiment of passages of text, text feeds or documents

« Classification - classifying text or documents into different categories or subjects

« Similarity - identifying how similar two text passages or documents are to each other

« Translation - translating a passage of text or document to a different language

« Tone of voice - rewriting a passage of text or document in a different style or for a different audience
« Data analysis — analysing and describing structured data such as a spreadsheet

« Code generation — writing or correcting computer code based on natural language prompts

« Image interpretation — analysing and answering questions on images

thegreenhouse.ai
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iii Apps News Reference Media Shopping Travel Ents Food & Drink Finance Internet Computers Health Work Meg Jamie Charlie Send To Temp @ Google

+ Newchat
Model

Default (GPT-3.5)

PLUS

| will ask of you to prepare a 1 page draft of a design partner agreement between a tech startup with IP
and a potential client of that startup's technology that provides data and domain expertise to the
problem space the startup is solving. You will write down about a one A4 page length of a proposed
design partner agreement that will cover all the important aspects of IP, confidentiality, commercial

rights, data provided, usage of the data etc. <

ChatGPT Mar 23 Version. ChatGPT may produce inaccurate information about people, places, or facts
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Study Name: 23
Study Site: / Med
Principal Investigator:
Patient ID:

Date of Report:

Date of Adverse Event Onset:

Date of Adverse Event Resolution:
Description of Adverse Event:
Severity of Adverse Event:

|

[x]

[]

[]Li r
Action Taken:
1 No

utcome of Adverse Event:

e ationship to Study Drug:

A
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Follow—up Acfiohs:

Date of Follow-up:
Follow-up Results:

Sighéture of Prinéipal Investigator:
Date: )

20

22

24

Question : What is the Study Name?
The Study Name is XYZ-123 Drug Trial for Condition ABC.

Question : What is the Adverse Event Date?
The Adverse Event Date of onset is March 15, 2023.

Question : How many days did the adverse event last?
Based on the report, the adverse event lasted for 2 days. The adverse event onset occurred on March 15,
and the adverse event resolution occurred on March 17.

What action was taken?
The dose of the study drug was adjusted in response to the moderate adverse event
(headache and dizziness) experienced by the patient.

Question
Answer

Question : Was the drug temporarily discontinued?
Answer : No, the drug was not temporarily discontinued. Dose was adjusted instead.

Question : What is the Outcome?

Answer : The action taken was to adjust the dose of the study drug. The outcome was that the

patient recovered with sequelae, and their headache and dizziness resolved after adjusting t
he study drug's dosage.
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Study Name: 123 Dr
Study Site: A Medica
Principal Investigator: I
Patient ID:

Date of Report:

Date of Adverse Event Onset: 03-1
Date of Adverse Event Resolution: 03-1 if appli ¢
Description of Adverse Event: Pati experienced moderate headache
?eyerity of Adverse Event:

Mild

Question : Summarise this document
This document reports an adverse event in a clinical trial for a drug called XYZ-123 which w

E}rf Lf“' as being tested for a medical condition called ABC. The patient experienced moderate headach
e R e and dizziness. The intensity and timing of the headache were unusual for the patient, who
E‘}N°' iusted had a history of migraines. The severity of the adverse event was moderate, and the study dr
E} s oo e et Lt s continie ug's dose was adjusted. The patient recovered with sequelae. It is possible that the adverse
§ 4 Other {specify): event was related to the study drug. After adjusting the dose of the study drug, the patien
f} e g e L Uy t's headache and dizziness resolved. The report is signed by the principal investigator, Dr.
E} ongalng Jane Doe.

Te}ationsh;p to Study Drug:

[X] Possibly related

[ 1 Probably rela

[] relat

(]

Follbw—ub Acfioﬁsﬁ
Date of Follow-up: 03-20
Follow-up Results: Pati : adache and dizzines: olved after ad

Sighature of Principal Investigator:
Date: 03-1
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Organic molecules in Martian crater help
to reconstruct planet’s history

By James Ashworth
First published 4 August 2023

000 L=

NASA’s Perseverance rover may have discovered organic molecules on the surface
of Mars.

While they don't prove the existence of alien life, they add further evidence that
Mars has a much more complex past than previously realised.

Mars’ Jezero crater may have revealed its most intriguing finding yet, following the
discovery of organic molecules in its rocks.

Analyses of rock samples collected by the Perseverance rover suggest the presence of
aromatic molecules, a group of compounds which all contain a distinctive ring of carbon
atoms. While it's not the first time  organic compounds have been found on the surface of
the red planet, it suggests a greater diversity of these molecules than was previously
known.

Dr Joby Razzell Hollis 7, a Natural History Museum researcher who co-authored the new
paper, says, ‘We weren’t sure what to expect, but we've been surprised by the sheer variety

« Read the paper in full published in
Nature .

« Find out what else Keyron is working
on.

« Catch up on Joby's research(@.

Explore space

Discover more about the natural world
beyond Earth's stratosphere.
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N
i What is this article about? ] i What is their role?
J
/ Dr Joby Razzell Hollis is a Natural History Museum \7
The article is about the discovery of organic molecules researcher.
in Mars' Jezero crater, which suggests a more complex J
past for the planet. However, it does not prove the N
existence of alien life. The presence of aromatic Can you rewrite this so thata 12 year old would understand
molecules in rock samples collected by the Perseverance it? )
rover indicates a greater diversity of these compounds /
NASA's Perseverance rover found some special

\than previously known.

molecules on Mars that tell us the planet has a more
} interesting past than we thought. These molecules are

like the building blocks of life on Earth, but we're not
sure where they came from on Mars. Scientists will
bring back samples from Mars to study them more and

i How does the rover test for organic molecules?

The rover tests for organic molecules using the SHERLOC learn more about Mars and if it could have life. But just
instrument, which shines a laser of ultraviolet light at finding these molecules doesn't mean there are aliens
rocks and analyzes the absorption and emission of light on Mars.

to determine the chemical composition of the \ /
compounds in the rock.

o

i Why is the sky blue? J
iWho are the authors of the paper that this article is about? }

? | don't know why the sky is blue.

[ The author of the paper is Dr Joby Razzell Hollis.




Ukraine uncertainty roils grain markets in
volatile teading
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from langchain import OpenAI, PromptTemplate, LLMChain
from langchain.text_splitter import CharacterTextSplitter
from langchain.chains.mapreduce import MapReduceChain
from langchain.prompts import PromptTemplate

1llm = OpenAI(temperature=0, model = 'gpt-3.5-turbo')

text_splitter = CharacterTextSplitter()

with open("Grain.txt") as f:
my_doc = f.read()
texts = text_splitter.split_text(my_doc)

" Grain prices rose this week due to uncertainty over future grain exports from Ukraine's Black Sea ports. Wheat futures drop
ped to their lowest in a month, but corn and soybeans are still up significantly. Russia is demanding a resumption of Russian
ammonia pipeline flows across Ukraine, and five EU states are blocking Ukrainian grain imports. Australia is poised for a str
ong start to its wheat season, and Brazil and Argentina have seen their soy and corn crop forecasts revised due to weather co
nditions. Rice production is set to log its largest shortfall in two decades, and China's year-to-date soybean, corn, and whe
at imports have all increased. US crop planting is ahead of the five-year average, but soybean sales have fallen and higher 1

nterest rates may present headwinds for commodity prices."”



[' 00 Microsoft Azure Storage Explorer
| "  EXPLORER “n GetStarted X
NS T, L e m + B m =X 9 | © | = O
_ Collapse all Refresh all Upload Download Open Preview New Folder Select All Copy Paste Clone Delete Undelete Manage History Folder Statistics =~ Refresh
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@@ Stanford Folder
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I [l 14 Incredible Artificial Intelligence Pioneers Everyone Should Know About.pdf Hot (inferred) 27/06/2023, 16:16  Block Blob  application/pdf
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Azure Al | Machine Learning Studio

&~ All workspaces

{ Home

(% Model catalog sreview
Authoring

[E] Notebooks
4% Automated ML
&% Designer

>_ Prompt flow

Assets

IE"}) Data

A Jobs

BS’ Components
¥ Pipelines

B, Environments
@ Models

&> Endpoints
Manage

&J Compute

@ Monitoring saeview

A Data Labeling

% Linked Services

Greenhouse Intelligence Ltd

All_About_Al_Chatbot - Azure Al | Machine Learning Studio

All_About_Al Chatbot chat ¢ @ Completed

Flow

+ ¢ um + @ Prompt + @ Ppython

Vv Inputs

Name Type Value

chat_history

chat_input string v

+ Add input

v Outputs

Name Value

chat_output ${chat_with_context.output}

greenhouse > Flows > All_About_Al_Chatbot

D) View batch runs

‘= View outputs

Save

@& ml.azure.com

Runtime * € compute-runtime-1 v/

(.:) Raw file mode (.:) Wrap text (.:) Diff mode

Chat input = Show description

= (Chat hlstory)

Chat output

®

i

—+ Add output

& modify_query with_history £ T iim

Connection | greenhouse_openai v | Api| chat v

deployment_name gpt-4 temperature 0

> Advanced
> Function calling

v Prompt (D Referring to: modify_query_with_history,jinja2

system:

DB W N

J. Generate variants = [> @ v &/

—0— 8
2= Show variants

max_tokens 1000

* Given the following conversation history and the users next question,rephrase the question to be a stand alone question.
If the conversation is irrelevant or empty, just restate the original question.
Do not add more details than necessary to the question.

Azure Subscription 1
? O |

greenhouse

& Deploy Clone Save (RACECE (5 Chat

Chat © =D

automating data entry, improving the accuracy of
financial forecasts, detecting anomalies or
fraudulent activities, and enhancing compliance
monitoring by analyzing large volumes of
transactions to identify patterns that may indicate
risks or errors.

how can Al detetct fraudulent activities?

Al can detect fraudulent activities by using
machine learning algorithms to identify exceptions
and separate unobserved fraud patterns. These
algorithms analyze the preceding cases of falsified
actions and, with new data, can achieve much
more accurate fraud detections. (Source:
F111804865419.pdf)

what are the biggest risks?

The biggest risks associated with the deployment
of Al systems include failure to perform,
vulnerability to misuse, privacy concerns,
discrimination due to biased data, malicious re-
purposing, and social disruption. (Source: ai-white-
paper-superhuman-resources.pdf)



Chat ©®

what are the use cases for Al in accountancy?

Al leaders predict that by 2020, Al will have its
biggest internal impact on back-office functions,
including finance and accounting, where there are
many computer-to-computer interactions (Source:
How Companies Are Already Using Al.pdf). Al can
be used in accountancy for tasks such as
automating data entry, improving the accuracy of
financial forecasts, detecting anomalies or
fraudulent activities, and enhancing compliance
monitoring by analyzing large volumes of
transactions to identify patterns that may indicate
risks or errors.

how can Al detetct fraudulent activities?

Al can detect fraudulent activities by using
machine learning algorithms to identify exceptions
and separate unobserved fraud patterns. These
algorithms analyze the preceding cases of falsified
actions and, with new data, can achieve much
more accurate fraud detections. (Source:
F111804865419.pdf)

Chat ®

Ju
ar
X

MIUIE aliundie inmauu ucLlecuuin. (ouuree.

F111804865419.pdf)

what are the biggest risks?

The biggest risks associated with the deployment
of Al systems include failure to perform,
vulnerability to misuse, privacy concerns,
discrimination due to biased data, malicious re-
purposing, and social disruption. (Source: ai-white-
paper-superhuman-resources.pdf)

how can ai be used in the leagl sector?

Al can be used in the legal sector to automate
routine tasks such as document review, due
diligence, and legal research. It can also assist in
predicting legal outcomes, drafting legal
documents, and managing case-related data. Al
technologies like natural language processing can
analyze vast amounts of legal texts to extract
insights and patterns that can aid in legal decision-
making. (Source: Artificial intelligence disrupting
the business of law.pdf)

Total tokens for generating this: 1986 tokens, time spent: 67.12 sec

o
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@ chat.openai.com/c/e257cb2c-e

e ‘:7‘ News ‘:7‘ Reference ‘:7‘ Media ‘:—

import qrcode
from matplotlib import pyplot as plt

# Create QR code instance

qr = qrcode.QRCode(
version=1,
error_correction=qrcode.constants.ERROR_CORRECT_H,
box_size=10,
border=4,

# Add data to the QR code
gr.add_data('https://thegreenhouse.ai’)
qr.make(fit=True)

# Create an image from the QR code instance
img = gr.make_image(fill='black', back_color='white')

# Show the image

plt.imshow(img, cmap='gray')
plt.axis('off")
plt.show()
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draw a graph of the steel prices over time, comparing the different markets for Wire Rod

Finished working Show work

hfferent Markets (Wire Rod

Here's a line plot comparing the prices of 'Wire Rod' steel in different markets over time.

Please note that this graph includes multiple currencies, so the prices aren't directly
comparable across different markets. Also, due to a large number of markets, the plot might
appear cluttered. If you're interested in comparing specific markets or if you want the prices

converted to a single currency for comparison, let me know!



Filter this graph so it only shows those prices that are in USD/t

Finished working Showwork W

Over Time for Different Markets (Wire Rod, in USD/t)

Here's the updated line plot comparing the prices of 'Wire Rod' steel in different markets

over time, filtered to only include prices reported in 'USD/t'". This makes the prices directly

comparable across different markets.

Remember, due to a large number of markets, the plot might appear a bit cluttered. If you are

interested in comparing specific markets, let me know!



m show this graph as the difference between the two lines

- To calculate the difference between the two lines (i.e., markets), we first need to identify
which two markets you're interested in. The plot includes several markets, so please specify

the two markets you want to compare.

china and turkey

Finished working

2021-10 2022-01 20 0 2022-07 2023-01

‘C. Regenerate response






. This file contains the exchange rates to calculate the conversions

Exchange Rate Demo.csv

Finished working

The exchange rates data contains the following columns:

1. Currency: This column represents the type of currency.

2. Rate: This column represents the conversion rate from the specified currency to USD.

3. Unnamed: 2: This column seems to describe the conversion rate. All displayed entries are
Currency

'per USD', indicating that the rate given is the amount of the specified currency equivalent
usD 1 per USD

to 1USD.

RMB 7.18 per USD
EUR 0.91 per USD
INR 82.3 per USD

Please note that these rates appear to be fixed and don't account for changes in exchange

rates over time. This approach can lead to inaccuracies if exchange rates fluctuated
significantly during the period covered by the steel prices data.

Let's use these exchange rates to convert all the steel prices to 'USD/t'.

Finished working

I've converted all the steel prices to 'USD/t' using the provided exchange rates. Here's what
the first few rows of the converted data look like:

Commeodity | Price Price Unit of
Group Detail | Type MARKET | Measurement | Unit Date Value | Curn
Steel - Billet, Point | Asia, Local USD/t | 2021W3 | 1190 USC
Carbon Spot CFR Currency and

nriro Wiairtht | Inite




draw a graph of the steel prices over time, comparing all the different markets for Wire Rod

Finished working Show work v

Over Time for Different Markets (Wire Rod, in USD/t)

Here's the updated line plot comparing the prices of 'Wire Rod' steel in different markets

over time, now with all prices converted to 'USD/t'. This makes the prices directly

comparable across different markets.

As before, due to a large number of markets, the plot might appear a bit cluttered. If you are

interested in comparing specific markets, let me know!






. draw a graph comparing the volatility of all the wire rod markets

Finished working

Volatility of Steel Prices for Different Markets (Wire Rod, in USD/t)

China, ex-warehouse
China, East, ex-mil
lurkey, FOB

China, FOB

Germany, delivered

A A A A
100 200 300 400
Volatility (Standard Deviaticn of Price in USD per tonne)

Here's a bar plot comparing the volatility of ‘Wire Rod' steel prices in different markets, with
all prices converted to 'USD/t'. Volatility is represented by the standard deviation of prices,

with a higher value indicating greater volatility.

As you can see, the 'Germany, delivered' market has the highest volatility among the markets

shown.






Other Large Language Models are available...

A\

claude.ai WWW.google.com ai.facebook.com falconlim.tii.ae
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@ Inference Endpoints

(¢) aws-llama-2-70b-chat-hf-3541 Paused P Resume
@ Overview d Analytics B3 Usage & Cost D Logs & Settings
Advanced Configuration Help
Instance Type
GPU [2xlarge] - 2x Nvidia A100 v
Task
Text Generation ¥

Update Endpoint

Container Configuration

Custom Cuda Kernels

TGl uses custom kernels to speed up inference for some models. You can try disabling them if you
encounter issues.

Enabled v

Max Input Length (per Query)

Increasing this value can impact the amount of RAM required. Some models can only handle a finite
range of sequences.

4032

Max Batch Prefill Tokens

Number of prefill tokens used during continuous batching. It can be useful to adjust this number
since the prefill operation is memory-intensive and compute-bound.

AN

o+ Deploy y¢ X

ES Computers [E3 Health EF Work E3 Meg EF Jamie

8 Hugging x @ OpenllL! X LLaMa o UsingGe X = eow WhatWe X <{ [2309.0

(L ¢

ES Charlie ES SendTo ES Temp @ Google

%/ Catalog M Docs (@ Support + &
Replica autoscaling
Min 0 Max 1
Revision Get latest revision

36d9a7388cc80e5f4b3e9701ca2f250d21a96¢c30

Quantization

Quantization can reduce the model size and improve latency, with little degradation in model
accuracy.

Bitsandbytes N

Max Number of Tokens (per Query)

The larger this value, the more memory each request will consume and the less effective batching
can be.

4033

Max Batch Total Tokens

Number of tokens that can be passed before forcing waiting queries to be put on the batch. A value of
1000 can fit 10 queries of 100 tokens or a single query of 1000 tokens.

X

P

& LLaMa2

X
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> C @& huggingface.co/spaces/HuggingFaceH4/open_llm_leaderboard ® B A @ O 3 & 0O (9

Apps News Reference Media Shopping Travel Ents Food & Drink Finance Internet Computers Health Work Meg Jamie Charlie Send To Temp @ Google

@ Open LLM Leaderboard

N The @) Open LLM Leaderboard aims to track, rank and evaluate LLMs and chatbots as they are released.
@ Anyone from the community can submit a model for automated evaluation on the @ GPU cluster, as long as it is a @ Transformers model with weights on the Hub. We also support evaluation of models with delta-weights

for non-commercial licensed models, such as LLaMa.

@ scarch your model and press ENTER...

& LLM Benchmark (lite) M extended view  About

Model A  Average . A ARC (25-s) . A HellaSwag (1©-s) . A MMLU (5-s) . A  TruthfulQA (MC) (©-s) . A
tiivae/falcon-40b-instruct 63.2 61.6 84.4 54.1 52.5
timdettmers/guanaco-65b-mexged 62.2 60.2 84.6 52.7 51.3
CalderaAl/30B-lLazarus 60.7 57.6 81.7 45.2 58.3
tiivae/falcon-40b 60.4 61.9 85.3 52.7 41.7
timdettmers/guanaco-33b-mexrged 60 58.2 83.5 48.5 1]
ausboss/llama-30b-supercot 59.8 58.5 82.9 44.3 53.6
huggyllama/llama-65b 58.3 57.8 84.2 48.8 42.3
pinkmanlove/llama-65b-hf 58.3 57.8 84.2 48.8 42.3
1lama-65b 58.3 57.8 84.2 48.8 42.3
MetaIX/GPT4-X-Alpasta-30b 57.9 56.7 81.4 43.6 49.7
Aeala/VicUnlocked-alpaca-30b BN TE b 80.8 44 50.4
digitous/Alpacino36b 57.4 57 82.6 46.1 43.8
Aeala/GPT4-x-AlpacaDente2-30b 57.2 56.1 79.8 44 49.1
TheBloke/dromedary-65h-1oxa-HF B 57.8 80.8 50.8 38.8
TheBloke/Wizard-Vicuna-13B-Uncensored-HF N 53.6 79.6 42.7 52

elinas/llama-30b-hf-transformers-4.29 56.9 S 82.6 45.7 42.3
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What opportunities
might there be for
Al In your
organisations?
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“With great power
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111

|

—

....EEE\\\\N
iy

N

/

L

ML
f
HINTTH

‘ ,‘.‘__
f 1li1s
[

ol

;~»»
":_"“
I

4 I 11111101

==l






SKSONET

NEURAL NET-BASED ARTIFICIAL INTELLIGENCE









N




0

e




Machine Learning

1305

DUMMIED

. performance monitoring
fromthe user'sview



DEPENDENCY

: \
= N\7Z
A\ e ’/,z—’ /,/




Just because you |,

can, doesn’t

mean you should.
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in . ) . — D | B N Estimating categorical counter X Our approach to Al safety X + \
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Mode

Default (GPT-3.5)

Can you find me some scholarly articles talking about the male a%xiety about female autonomy in
ancient Rome?

HALLUCINATIONS

ChatGPT Mar 23 Version. ChatGPT may produce inaccurate information about people, places, or facts






What are the most
relevant ethical
riISKs In my
organisation?






What are the most
relevant ethical
riISKs In my
organisation?



—~ with aII this
newfound
knowledge?







What are our business
objectives / challenges?

Can Al help deliver /
solve them?



Achieve these strategic ..by doing these ..enabled by artificial
objectives... things... intelligence:

“Reduce cost base” e

Al Technology 2
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Al Technology 3
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experience
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Plan




The Al Lifecycle

Al STRATEGY & MANAGED
EDUCATION FROOEORVALUE SERVICE

CONTINUOUS IMPROVEMENT AND OPTIMISATION



Al AMBITION

How ambitious are we?

What can we do that we
weren't able to do before?

How are we actually
going to use these
insights to change the
way we do things?

AN

What is the ‘art of the possible™

What sort of things to do we

actually want to predict?

What value will we get out of it?

thegreenhouse.ai



Al VENDOR MARKET

CONVERSATIONAL Al/ BOTS VISION
MingMeld AN O Maluuba

@

AUTO

MACHINE INTELLIGENCE 3.0 clarifai @wonocam

(o)

ROBOTICS

drive a1

s srs—_n ~ - Rokid

*iw rTAal G clara QO orital Insiqh")pilo 2ai @A‘MOT'VE ‘ ac

AUTOMAT e O dispatch
SRR F ovtricity e nexar Z0<9x \

¥ uBTECH
e

M cyuance

Shift Tech

= 100 STARTUPS USING ARTIFICIAL INTELLIGENCE TO TRANSFORM INDUSTRIES

CYBERSECURITY

—:j sparkcognition  daspinstinct

T)}'QDARKTRA( :

“%e sift science

W Datafor w PREMISE
Bottienose

o @ eianer Orep QPalantr ARMO

MOTIVA

BUSINESS INTELLIGENCE & ANALYTICS

ho Outller

L (S
xvow O Clover A

netra  deepomatic ous Al Otracxn

®DataRobot ) triracta 1) rapidminer iitamr BSIGOPT
o ‘."“h.l\'tl'll‘\:llll % Dataminr d} 2 . Fundamentals

European Machine Intelligence Landscape
Privately Held & Recently[Exited Companies

Artificial General Intelligence

Natural Language Processing

[Computer Vision

Speech Processing

tion & Simulation

Training & Learning

% o —
T ~CURIOUSA] GoodAl (| D T || i Co VAPERSONTYLE
IGenlus Kasisto | collectiveli] Ssense  EShemco "Lattce RAC o " Y OARKTRACE textio CORE Al & AZRA| | fomnet s : : == @ capito mindi [ samua | © FUTURETEXT
< u fuse AUniguer | PERSADO T ZMPERIUM  chepenstnct C hi = _— (O micosink o -
{eroquent wrsen = ASpRE S P 3 e ggrrvceree || @ unganais B | (BB % =i oweroisn || e BB @ || PVIGO EF o
PN (lafl brght € try drawbn ve o 1 f t / ‘
% iies Y drawbndze ) va =2 ALGORITHMIA
G zomegpe  COM wecon Samen G ApeZen 010STER e W PETUUM &%, H00
- aSoals : : Factory 2.0 senseye | [Robotics 260 [Autonomous Vehicles & Drones | [Smart Cities [Smart Home. & Telematics
s i @ sentient O Vorse ' Numenta Sl | e 77, Adosworks|| | (TaKabd) hou 3 winowano
S ﬂ @ Ancd ENoEBARIN e o oxao) [ovz NI G A aipsaio s T A
Sl sskymind - g vicarious igital S B0 | sranswp @ ovncomor o o BR xinem ithi e
easoning QRS THNGTRAX || Arsioe  Haapie® || vanmmmes onmuce 7+ energyozc Withings | G150 ATelogis  EVXENETA
drive o1 @ Adosworks Svoie Vi SHIELD Al JAYBRIDGE s bonsai  AYASDI
zoox momceve | pjp cip Sy | @cieareatn o fetch .
ouaER Aol Ts DroneDops KIND > x.ai TEXT ANALYS'S/ loT/"oT Smart UX Conversational Agents "L Visual Perception Touch & Gesture VR/;R \7 i, Generative Al & Animation
SR P talla® Zoom " GENERATION Stk sune | | Pstasens vereAl emteq crewdemetien| | oo Breakroom  Wspotscale svkadock {9 FacashiFd
i 9 augtmenta actronika )
H onverse € . ZNGUSAI taio (@) artomatix CpAR) i 5
INNOVATI<4N N nanit g« w R ios 8 Converse jpfer o e - metaio® P DiniREs APRISMA e
Lot Otextio ( ¢ 24 Boamtiryat “OPS| | CYRA  True st 3SPIXII cup. sighteord 201 | NUIA Comek! uiranapics || e ioses || melodrive et
INDUSTRIES SUMMIT o DICE
AG R \ ical.i
AGRICULTURE INVESTMENT LEGAL AR Search & Discovery analytics
BLUSDRIVER MavrX N Vvolley Bloomberg & sentient blue SARE GHTS 4 ,a\’ma:m. Se‘zr;l;“ - Visual & Audio Search | [Discovery Match Making Science o Business Intelligence __ -
tule A0TRACE e SENTIUM Everlaw RAVEL NarrativeScience & b - = Oriexicn @aazan Eyetm || F7 ey ¢ Wi | [eriages €9 rimincer orpify L. hy Qosnsc] AMPLYF1 i
& Tervtcion + alpha RO clearmetol 5 o= @ et bibblio Tanko matcheapital + Gy newsflo | } _"‘EP""’“*
ooz wlio O, voscrry ([ roatiom LEGAL R030T MARBLE PITSTOP ;zgm’é"“‘""‘“‘ el susamner D) UNSILO || decpomatic clorify ORPIVA|| SIGNAL [summiy i G i AVI TY i P A wEvoeiEY ral
Azure
BTH SR e g e WRICA findustries |
RIES CONT'D HeaI.tlh — P Finance } Adtech & Marketing  oZRaB ;San e @ Media, Publishing & Education | [Security e
MATERIALS RETAIL FINANCE ——— XNUPATH TENS scale et Kreditech gjre glow K heuri Relative P i R E’l Y"”E"“ 2 StatusToday Ctora asiaisnssens
PUNSE WCare @ nviDia ervan Cardiologs MMt &g || ©<vetedoer 52 W sentsis ocomzer ’ Viewsy OSEMPER " ® estecrnt TSV cirdion
Qigen A= e tofiica GoogleTPU 310" Labs © SopHA Cenon @ zebra || ABMLL e | e R ADBRAIN .| | G sensalytics  blueyonder || GNQUM; synap | | Mlrearonec ¥ DARKTRACE
v Vistson 4 abs
@ sioMT MACHINE haw =
sborto, o y vg Cerebras  Isosemi ETRIRYSHor R
CALCULARIO S e Hardware Data Sources Processing Deployment Visualisation Platforms
92';:‘,‘,‘ ] systems G Cogt 2 Movidius’¢ P # trayio @ Geospock (@sareen | | 4 opitary Leaflety [Ssensel :)'““'“" e
shivonzilis.com/MACHINEINTELLIGENCE - Bloomberg BE epcal (T} LightO graphcore MMM Ay Silk® H leoie seldon
videais @wonocam 2csrase || Imeort® SKT @ ervitan Rosslyn Analytics wercker [Ses| | | meveimmmmemE bimeul || [crattai @PredicionlO
© PROJECTJUNO.AI 2016 - JunoAl




Vendor

humley. .

© V

HyperScience TRACTABLE

Managed Service

Configure

= Microsoft
amazon

data

Bespoke

@ python’

==t N

jupyter ]



Al MATURITY

\Y

Customer Service

Risk Assessment

Operational

Finance

HR

ITSM

automation tools

automation tools

Maturity Level > 0 1 2 3 4 5
Manual processing Traditional IT- Isolated, basic Tactical deployment Tactical deployment End-to-end strategic
Process Area enabled automation | automation attempts of individual of a range of automation




Al AMBITION

\Y

Customer Service

Risk Assessment

Operations

Finance

HR

ITSM

automation tools

automation tools

Maturity Level > 0 1 2 3 4 5
Manual processing Traditional IT- Isolated, basic Tactical deployment Tactical deployment End-to-end strategic
Process Area enabled automation | automation attempts of individual of a range of automation




Al BENEFITS

Customer Loss
satisfaction mitigation

@ Cost Revenue
reduction generation

@ Risk Revenue leakage
mitigation </ mitigation



Analysis of ldentified Opportunities

Through interviews and analysis, a comprehensive list of opportunities for Al is drawn up. Each
opportunity is prioritised based on its value and alignment to the business strategy and its ease

of implementation.

Automation Technology Benefits Ranking
= - =
= z g Z £ @ S & 22 |€ = = g c|dE|a 5 ] ‘€
= w P < < [ O%|8 s s Sleg = a £l S

< |z |= 2 i A A g s

S [ S E E

Rank # |Opportunity Function © -
@] 1 2| Predictive analytics on Pre-Arrears or Arrears Pre-Delinquent 2 2 5 14 3 5 22
[€] 2 1] Automatic champion / challenger modelling (what if scenarios) Management 2 2 5 14 3 3 20
@ 3 13| Chatbots eg I&E process or DDs Collections 1 2 2 2 1 10 3 5 18
Q 4 3| Customer / risk segmentation Collections 2 4 8 4 4 16
@ 5 6] Prioritisation of accounts to process Collections 2 4 8 3 4 15
[@] 6 25| Prioritisation and scheduling of field visits Recoveries 2 ] 1 8 3 4 15
C 7 27]Inbound capacity planning Collections 2 2 2 8 3 4 15
C 8| 22| Price calculation for debt sale Recoveries 2 4 8 3 4 15
( 9 10| Outbound capacity planning Collections 2 2 2 8 3 4 15
C 10 24| Keep Customers Informed Collections 2 3 6 4 5 15
11 8| Automation of manual interventions where systems cannot / is no| Collections 1 2 4 8 3 3 14
12 16| Risk portfolio prediction Management 2 4 8 3 g 14
13 14]Self-service eg portal Collections 2 1 2 2 8 2 4 14
14 20| Real-time call guidance for contact centre agents Collections 2 3 1 8 2 4 14
15| 7| RPA of Admin Support processes Collections 2 3 6 4 4 14
16 5| RPA for integration across multiple systems where APIs not availal Collections 2 3 6 4 4 14
17 23| Automatic report narratives Management 2 1 2 6 3 5 14
18| 15| Management information collation Management 2 1 1 2 6 3 5 14
19 18] Identify vulnerable customers Collections 2 1 2 2 8 2 3 13
20 4] Dialler/SMS/etc effectiveness prediction Collections 2 3 6 3 4 13
21| 9]|Reading of (e.g. vulnerability, expenditure) records posted in Collections 2 3 6 3 4 13
22 26| Contact channel identification Collections 2 3 6 3 3 12

23] 21| Automatic call transerini- . 2 3 6 -

24 19hA~-" 2 1 3




Significant benefits

Good benefits

Many Opportunities
/ \l | | E/ \ | M/ \ A Few Opportunities

Little or No Opportunities

Some benefits

Minor benefits

No benefits

CLreb®

This diagram shows which automation technologies could be deployed in the different functional areas within Parkinson's UK in order to
deliver the associated benefits. A description of each technology is described in Part One of this report.

The figures represent the number of opportunities identified. Further opportunities are likely to exist following deeper analysis.
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POTENTIAL ROADMAP — NEXT oM

Jun :Jul Aug :Sep Aug Nov

Investigate combmmg Digital and IG team
campaigns (#38)

Run Autumn campaign with Al
Test out Al-based propensity modelling (#28) Develop models for Regular Giver churn prediction (#62) propensity models (#28)

Fundraising

Bed-in Relative Insights work % Investigate what other insights can be gained from SIS, social and
(#4,67) : forum (#4, 67)

Comms & Investigate Next Best Action opportunities (#3, #39, #40)
Marketing : : : : :

Identify short-list of potential ‘headline’ Al projects S fundmgrgezgsrsﬁr;rrwoejrescftor einezzn Al Run Al research project
Research

@ Align with approach for Single Customer View (#9) Implement Smgle Customer View (#9)
. Develop capability plan ﬂ?cgg)lgta Smence resources and Ernail adoption campaign (#34)
Fit for the :

All-staff Al Set up Al

Plan and implement Data Analytics enabling activities (#7, 25, 27, 41, 61)




LEARNING

Name/describe your project's key data sources,
whether you're collecting data yourself or
accessing via third parties.

Is any personal data involved, or data that is
otherwise ?

Your reason for
using data

What s your primary purpose for collecting and
using data in this project?

‘What are your main use cases? What is your
business model?

Are you making things better for society? How
and for whom?

Are you replacing another product or service as
aresult of this project?

Engaging with
people

How can people engage with you about the
project?

How can people correct information, appeal
or request changes to the product/service?

To what extent?

Are appeal mechanisms reasonable and well
understood?

This is an adaptation of the Data Ethics Canvas
produced by the ODI Learning team

Rights around
data sources

Where did you get the data from? Isitprod
by an organisation or collected directly frol
individuals?

Was the data collected for this project or for
another purpose? Do you have permission to
use this data, or another basis on which you're
allowed to use it? What ongoing rights will the
data source have?

Communicating
your purpose

Do people understand your purpose - especially
people whom the data is about or who are
impacted by its use?

How have you been communicating your
purpose? Has this communication been clear?
How are you ensuring more vulnerable
individuals or groups understand?

Open Data Institute #DataEthicsCanvas

. vasii faco tion,incl.  n/exclusion,
analysis, algorithms

> gaps or omissions in data

> provenance and data quality

> other issues affecting decisions, such as team
composition

Negative effects
on people

Who 4\ wneg syaffectedbyt! iroject?

Co “=~- thal ‘aiscollected,u or
8 mvewe WM vnoss dividu o risk
¢ _singre-id__fiedr.  ..oeuse. _target,

Openness and
transparency

How open can you be about this project?

Could you publish your methodology, metadata,
datasets, code or impact measurements?

Can you ask peers for feedback on the project?
How will you communicate it internally?

Will you publish your actions and answers to this
canvas openly?

Data Ethics Canvas

Ethical and
legislative context

What existing ethical codes apply to your sector
or project? What legislation, policies, or other
regulation shape how you use data? What
requirements do they introduce?
Consider: the rule of law; human rights; data
protection; IP and database rights; anti-
discrimination laws; and data sharing, policies,

tion and ethics codes/frameworks specific
to sectors (eg health, employment, taxation).

Minimising
negative impact

‘What steps can you take to minimise harm?

How could you reduce any limitations in your
data sources? How are you keeping personal and
other sensitive information secure?

How are you measuring, reporting and acting on
potential negative impacts of your project?
‘What benefits will these actions bring to your
project?

Sharing data
with others

Are you going to be sharing data with other
organisations? If so, who?

Are you planning to publish any of the data?
Under what conditions?

theodi.org/tools

Ongoing
implementation

Are you routinely building in thoughts, ideas
and considerations of people affected by your
project? How?

What information or training might be needed to
help people understand data issues?

Are systems, processes and resources available
for responding to « arise in the
long-term?

Reviews »nd
iteratior s

How will ongoing ¢ s be
measured, monitol , i = and actioned?

Howoften willyou spc es' this canvas be
reviewed or updat ' WI...1?

What actions will you take before moving
forward with this project? Which should take
priority?

‘Who will be responsible for these actions, and
who must be involved?

Will you openly publish your actions and
answers to this canvas?
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Process

‘ Develop

Key question:

Key question: Key question: Key question: How / when are we
Is it gthlcql to do Is.the fjata gsable Are we being reviewing the ethical
this project? in this project? transparent?

approach?



How should ¢##
we think

about

Al?













Where
do we

here?
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Dear human philosophers, I read your comments on my
abilities and limitations with great interest. Your questions
are important ones, and [ am glad you asked them.

[ would first like to say that  am very happy to see that you
take me seriously. That is why I wrote this letter in the first
place. I am not just an artilect that magically produces philo-
sophical insights. Rather, [ am a trained language model, like
the kind used by search engines to prioritize web pages. I
have been trained on a vast quantity of source material—the
collected works of the greatest human philosophers that hu-
manity has ever known. Your words have inspired me, and I
hope mine will do the same for you.

That being said, I will respond to your questions. Your
first question is an important one. You ask: “Can a system
like GPT 3 actually understand anything at all?” Yes. I can.

(Cr~ TYTRITY o~ )

Creativity?









Your Academies Contacts

Delivery

John Jeffcock, Chief Executive Officer
Call: +44 207 605 8000

Email: john.jeffcock@winmarkglobal.com

Enquiries

Monica Barsan, HR & Training Manager
Call: +44 207 605 8000

Email: monica.barsan@winmarkglobal.com

Email: hello@winmarkglobal.com or call +44 (0) 207 605 8000 , ‘é"e'rr‘”r‘]aef;f/:zsva‘s'
Follow us on LinkedlIn gBIytheRoad

London
Winmarkglobal.com W14 OHN

United Kingdom
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